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Agentic Al for Autonomous Decision-Making
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ABSTRACT

Agentic Artificial Intelligence (Al) represents a significant advancement in intelligent systems by enabling autonomous goal
formulation, adaptive reasoning, and independent decision-making across dynamic environments. Unlike conventional Al
models that primarily respond to predefined inputs, Agentic Al integrates perception, planning, memory, reasoning, and
continuous learning to execute complex tasks with minimal human intervention. This study examines the foundational
principles, architectural components, and operational capabilities of Agentic Al for autonomous decision-making. It explores
how intelligent agents perceive contextual information, evaluate alternative actions, coordinate with other agents, and
optimize outcomes through iterative feedback mechanisms. The study further investigates practical applications across
sectors including healthcare, finance, manufacturing, cybersecurity, transportation, and public administration, where
autonomous systems improve operational efficiency, responsiveness, and decision quality. In addition, it discusses critical
challenges related to transparency, accountability, security, ethical governance, computational scalability, and human
oversight that influence the responsible deployment of agentic systems. A conceptual framework is presented to illustrate
theinteraction between perception, reasoning, planning, execution, and learning in supporting adaptive decision processes.
The findings demonstrate that Agentic Al has the potential to transform intelligent automation by enabling resilient,
explainable, and context-aware decision-making while reinforcing the importance of robust governance mechanisms
to ensure trustworthy, reliable, and human-centered autonomous systems in increasingly complex digital ecosystems.
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INTRODUCTION Corresponding Author: Vatsal Ajmera, Independent

Artificial Intelligence (Al) has evolved from rule-based systems
and predictive analytics to highly autonomous technologies
capable of reasoning, planning, and executing complex
tasks with minimal human intervention. This progression
has given rise to Agentic Al, a paradigm that combines
perception, memory, planning, reasoning, and adaptive
learning to pursue defined objectives while responding
effectively to changing environments. Unlike traditional Al
models that operate within predefined workflows, Agentic
Al demonstrates greater independence by continuously
evaluating contextual information, selecting appropriate
actions, and refining future decisions through iterative
feedback (Acharya, Kuppan, & Divya, 2025; Viswanathan,
2025).

Growing digital transformation across industries has
accelerated the demand for intelligent systems capable of
making timely and reliable decisions in dynamic settings.
Organizations increasingly require Al solutions that not
only generate information but also coordinate activities,
manage resources, and complete multistep objectives with
limited supervision. Agentic Al addresses these requirements
by integrating autonomous reasoning with adaptive task
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orchestration, enabling more responsive and resilient
operational processes (Hosseini & Seilani, 2025; Janakiraman,
2026).

The emergence of large language models, reinforcement
learning, knowledge representation, and multi-agent
collaboration has further strengthened the capabilities of
autonomous intelligent systems. These technologies allow
Al agents to interact with diverse data sources, collaborate
with other agents, learn from environmental feedback,
and optimize outcomes across complex scenarios. Such
capabilities have expanded the application of Agentic Al in
healthcare, finance, manufacturing, cybersecurity, logistics,
and public administration, where rapid and informed
decision-making is essential (Ren, Liu, Ji, & Xu, 2025; Panda,
2025).
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Figure 1: Evolution of artificial intelligence capabilities

from rule-based systems to Agentic Al, illustrating the

progressive increase in decision autonomy, reasoning
capability, adaptability, and task complexity.

Despite these advancements, the increasing autonomy
of Al systems introduces significant challenges related to
transparency, accountability, trustworthiness, governance,
and ethical responsibility. Autonomous agents must
operate within well-defined constraints to ensure fairness,
explainability, security, and compliance with regulatory
expectations. Addressing these issues is essential for
promoting confidence in Al-enabled decision processes and

supporting sustainable deployment across critical sectors
(Mukherjee & Chang, 2025; Raheem & Hossain, 2025).

This study examines Agentic Al as an emerging framework for
autonomous decision-making by exploring its foundational
architecture, operational mechanisms, practical applications,
associated challenges, and future research opportunities. The
study also highlights how intelligent agents can enhance
organizational efficiency while maintaining responsible
governance and human oversight in increasingly complex
digital ecosystems (Kubam, 2025; Reddy, Joseph, Joshi, Doss,
& Ouaissa, 2025).

Literature Review

Concept of Agentic Al

Agentic Artificial Intelligence (Al) extends beyond conventional
Al by enabling intelligent systems to pursue objectives
autonomously, adapt to environmental changes, and make
informed decisions with minimal human intervention. Unlike
traditional machine learning models that execute predefined
tasks, agentic systems continuously perceive, reason, plan,
execute actions, and refine their behavior through feedback.
Acharya, Kuppan, and Divya (2025) describe Agentic Al as
autonomous intelligence capable of solving complex, multi-
step problems through coordinated reasoning and adaptive
planning. Similarly, Panda (2025) characterizes Agentic Alas a
paradigm shift that transforms Al from reactive computation
into proactive decision-making entities capable of achieving

Table 1: Comparative Review of Major Agentic Al Studies

Author(s)

Research Focus

Major Contribution

Identified Limitation

Acharya, Kuppan, &
Divya (2025)

Hosseini & Seilani
(2025)

Viswanathan (2025)
Raheem & Hossain
(2025)

Ren et al. (2025)
Janakiraman (2026)
Mukherjee & Chang
(2025)

Kubam (2025)

Panda (2025)

Reddy et al. (2025)

Comprehensive survey of
Agentic Al

Smart future enabled by Agentic
Al

Autonomous decision-making
framework

Trustworthiness of Agentic Al
Manufacturing applications
Agentic Large Language Models
Accountability and governance
Explainable financial decision-
making

Agentic Al paradigm

Human life and intelligent
decision-making

Defined autonomous intelligence
architecture for complex goal achievement

Identified emerging application domains
and research trends

Proposed integrated decision architecture
for intelligent systems

Examined opportunities, risks,
transparency, and reliability

Distinguished Al agents from Agentic Al for
industrial automation

Introduced adaptive task orchestration
using autonomous LLM agents

Addressed ethical responsibility and
algorithmic accountability

Demonstrated explainable autonomous
credit risk assessment

Explained theoretical evolution toward
autonomous intelligence

Discussed societal and organizational
transformation through Agentic Al

Limited empirical
implementation cases

Limited evaluation of
governance mechanisms

Requires broader real-world
validation

Focuses primarily on
conceptual trust models

Concentrated mainly on
manufacturing environments

Emerging framework requiring
experimental validation

Limited implementation
guidance

Application restricted to
financial services

Limited domain-specific
evaluation

Broad perspective with limited
quantitative evidence
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long-term goals.

Core Components of Autonomous Decision-
Making

Autonomous decision-making relies on severalinterconnected
components that collectively enable intelligent behavior.
These include perception, contextual understanding,
memory, reasoning, planning, execution, and continuous
learning. Viswanathan (2025) proposes a comprehensive
framework in which these elements function collaboratively
to support accurate and adaptive decisions. Janakiraman
(2026) further explains that Agentic Large Language
Models enhance these capabilities through adaptive task
orchestration, allowing Al agents to dynamically select
strategies, coordinate activities, and modify plans according
to changing operational conditions.

Agent Architectures and Planning Mechanisms

The effectiveness of Agentic Al depends on architectural
designs that integrate reasoning engines, planning modules,
memory management, tool utilization, and feedback
mechanisms. Acharya, Kuppan, and Divya (2025) identify
modular architectures as essential for handling long-term
objectives, while enabling scalability and flexibility. Ren,
Liu, Ji, and Xu (2025) distinguish conventional Al agents
from agentic systems by emphasizing their ability to
independently formulate strategies, collaborate with multiple
agents, and optimize task execution across manufacturing
and industrial environments. These architectural innovations
significantly improve operational resilience and decision
consistency.

Multi-Agent Collaboration and Coordination

Recent studies emphasize that collaboration among multiple
intelligent agents enhances problem-solving efficiency for
distributed and complex environments. Multi-agent systems
enable autonomous entities to exchange information,
negotiate responsibilities, and coordinate actions toward
shared objectives. Hosseini and Seilani (2025) observe
that collaborative Agentic Al supports smarter digital
ecosystems by improving resource utilization and adaptive
responsiveness. Reddy et al. (2025) further argue that
coordinated agent interactions increase productivity while
reducing operational delays across enterprise applications,
healthcare, logistics, and smart infrastructure.

Explainability, Trust, and Accountability

As Agentic Alassumes greater decision authority, explainability
and accountability become fundamental requirements for
trustworthy deployment. Autonomous systems must provide
transparent reasoning processes that enable stakeholders
to understand how conclusions are generated. Raheem and
Hossain (2025) emphasize that trustworthiness depends on
transparency, reliability, fairness, and secure operational
practices. Likewise, Mukherjee and Chang (2025) argue that
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Figure 2: Comparison of current and projected adoption
levels of Agentic Al across major industry sectors,
highlighting the anticipated growth of autonomous
intelligent systems.

governance frameworks should establish clear accountability
mechanisms to balance machine autonomy with human
oversight. Explainable Al techniques therefore play a critical
role in promoting confidence, regulatory compliance, and
ethical adoption.

Industrial and Enterprise Applications

Agentic Al has expanded rapidly across multiple industries by
enabling autonomous planning, intelligent coordination, and
adaptive optimization. In manufacturing, intelligent agents
improve production scheduling, predictive maintenance, and
process optimization (Ren et al., 2025). Financial institutions
employ Agentic Al to enhance explainable credit risk
assessment and real-time lending decisions (Kubam, 2025).
Healthcare organizations benefit from autonomous clinical
support, while cybersecurity platforms leverage intelligent
agents for automated threat detection and incident
response. Hosseini and Seilani (2025) note that these diverse
applications illustrate the growing importance of Agentic Al
in supporting efficient, scalable, and context-aware decision
environments.

Research Gaps

Despite significant progress, several challenges remain
unresolved within Agentic Al research. Existing studies
primarily emphasize conceptual frameworks and theoretical
architectures, while comprehensive empirical validation
across multiple industries remains limited (Acharya,
Kuppan, & Divya, 2025). Additionally, standardized
evaluation metrics for measuring autonomous reasoning,
adaptability, transparency, and long-term reliability have
yet to be universally established (Viswanathan, 2025). Ethical
governance, legal accountability, cybersecurity resilience,
and interoperability among heterogeneous intelligent
agents also require further investigation (Mukherjee & Chang,
2025; Raheem & Hossain, 2025). Addressing these limitations
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will strengthen the practical deployment of trustworthy,
explainable, and scalable Agentic Al systems capable of
supporting autonomous decision-making in increasingly
complex digital ecosystems.

ReEseARCH METHODOLOGY

Research Design

This study adopts a qualitative systematic literature review
(SLR) to examine the evolution, architectural principles,
and autonomous decision-making capabilities of Agentic
Al. The methodology synthesizes peer-reviewed journal
articles, conference proceedings, and scholarly publications
to develop a comprehensive understanding of intelligent
autonomous agents. A qualitative design is appropriate
because it enables critical evaluation of conceptual
frameworks, implementation strategies, governance
mechanisms, and emerging application domains (Acharya,
Kuppan, & Divya, 2025; Hosseini & Seilani, 2025).

Data Sources

The investigation relies on secondary data obtained from
reputable academic databases, including IEEE Xplore,
ScienceDirect, SpringerLink, ACM Digital Library, Google
Scholar, and arXiv. The selected publications focus on Agentic
Al, intelligent agents, autonomous reasoning, adaptive
orchestration, explainable Al, and multi-agent collaboration.
Recent contributions provide extensive coverage of

technological advancements and practical deployments
(Viswanathan, 2025; Ren, Liu, Ji, & Xu, 2025).

Inclusion and Exclusion Criteria

The review includes English-language studies emphasizing
autonomous decision-making, agent architectures,
reasoning mechanisms, explainability, governance, and real-
world implementations. Publications lacking methodological
rigor, unrelated to Agentic Al, or offering limited technical
relevance were excluded. This screening process enhances
consistency and analytical reliability while ensuring that only
high-quality evidence informs the study (Raheem & Hossain,
2025; Panda, 2025).

Data Collection Process

Relevant literature was identified using predefined keywords
such as Agentic Al, autonomous decision-making, Al agents,
multi-agent systems, adaptive planning, and intelligent
orchestration. Retrieved studies underwent title, abstract, and
full-text evaluation before extraction of information related
to architectural models, decision frameworks, learning
capabilities, governance principles, and performance
indicators (Janakiraman, 2026; Mukherjee & Chang, 2025).

Analytical Framework

A thematic content analysis approach was employed to
classify findings into major dimensions, including perception,
reasoning, planning, execution, learning, collaboration,
explainability, trustworthiness, and governance. Comparative

Table 2: Research Methodology Framework

Methodological Component Description

Purpose

Research Design

Data Sources
Library, Google Scholar, and arXiv

Inclusion Criteria

and practical applications

Exclusion Criteria

depth

Data Collection
abstract, and full-text screening

Data Analysis

Reliability Measures

Validity Measures

and research perspectives

Ethical Compliance

Qualitative systematic literature review integrating recent
scholarly publications on Agentic Al

IEEE Xplore, ScienceDirect, SpringerLink, ACM Digital

English-language studies focusing on Agentic Al, intelligent
agents, autonomous reasoning, explainability, governance,

Non-peer-reviewed publications, duplicate records,
unrelated studies, and articles lacking methodological

Keyword-based database searches followed by title,

Thematic content analysis and comparative synthesis

Standardized screening procedures, cross-source
verification, and transparent selection methodology

Comparative evaluation across multiple industrial sectors

Proper citation, objective interpretation, and exclusive use
of publicly accessible academic sources

To synthesize current knowledge and
establish a conceptual foundation for
autonomous decision-making

To obtain credible, peer-reviewed, and
contemporary research evidence

To ensure relevance, consistency, and
academic quality

To improve the reliability and precision of
the review

To identify and extract high-quality
evidence systematically

To classify architectural components,
decision processes, opportunities,
challenges, and governance practices

To reduce selection bias and enhance
reproducibility

To strengthen the robustness and
generalizability of findings

To maintain research integrity and
academic ethics
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synthesis facilitated the identification of recurring patterns,
technological innovations, implementation challenges, and
opportunities for future autonomous intelligent systems
(Acharya, Kuppan, & Divya, 2025; Kubam, 2025).

Reliability and Validity Considerations

Reliability was strengthened through systematic screening,
transparent selection criteria, and cross-validation of findings
across multiple scholarly sources. Validity was improved
by comparing evidence from diverse application domains,
including manufacturing, finance, enterprise systems, and
intelligent automation, thereby minimizing bias while
enhancing the credibility of the synthesized conclusions (Ren,
Liu, Ji, & Xu, 2025; Reddy, Joseph, Joshi, Doss, & Ouaissa, 2025).

Ethical Considerations

This research exclusively utilizes publicly available scholarly
publications and therefore does not involve human
participants or confidential datasets. Ethical standards were
maintained through accurate interpretation of prior studies,
appropriate acknowledgment of original authors, objective
synthesis of findings, and avoidance of plagiarism throughout
the research process (Mukherjee & Chang, 2025; Raheem &
Hossain, 2025).

AGeNTIC Al FRAMEWORK FOR
AutoNomous DEecisioN-MAKING

Perception and Context Acquisition

The first stage of an Agentic Al framework involves acquiring
and interpreting information from multiple internal and
external sources. Intelligent agents continuously collect
data from sensors, databases, enterprise systems, and user
interactions to develop an accurate representation of their
operating environment. Advanced contextual reasoning
enables these agents to distinguish relevant information,
detect environmental changes, and update knowledge
dynamically. This capability provides the foundation for
autonomous decision-making in complex and evolving
scenarios (Acharya, Kuppan, & Divya, 2025; Viswanathan,
2025).

Goal Formulation and Task Decomposition

After establishing situational awareness, Agentic Al transforms
high-level objectives into structured and executable tasks.
Autonomous agents evaluate organizational priorities,
available resources, operational constraints, and desired
outcomes before creating optimized execution plans.
Complex objectives are divided into manageable subtasks
that may be completed sequentially or collaboratively by
multiple agents, improving efficiency and adaptability in
uncertain environments (Panda, 2025; Ren, Liu, Ji, & Xu, 2025).

Reasoning and Decision Optimization
Reasoning mechanisms enable Agentic Al to evaluate
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multiple alternatives before selecting the most appropriate
action. By integrating logical inference, probabilistic
reasoning, reinforcement learning, and large language model
capabilities, intelligent agents continuously assess risks,
predict outcomes, and refine their decisions. Optimization
strategies improve operational performance while balancing
competing objectives such as accuracy, efficiency, reliability,
and resource utilization. These capabilities distinguish
Agentic Al from conventional automation systems that
rely primarily on predefined rules (Janakiraman, 2026;
Viswanathan, 2025; Acharya, Kuppan, & Divya, 2025).

Adaptive Learning and Feedback Integration

Continuous learning enables autonomous agents to improve
their performance through experience. Feedback generated
from completed tasks, environmental responses, and user
interactions is incorporated into future decision cycles.
This adaptive mechanism allows agents to refine planning
strategies, update internal knowledge representations, and
respond effectively to changing operational conditions
without extensive human intervention. Such learning
capabilities increase resilience and long-term system
effectiveness (Hosseini & Seilani, 2025; Reddy et al., 2025).

Human Oversight and Governance

Although Agentic Al is designed for autonomous operation,
effective governance remains essential for ensuring
responsible deployment. Human oversight provides
mechanisms for monitoring decisions, validating outcomes,
defining operational boundaries, and intervening when
necessary. Governance frameworks also emphasize
explainability, accountability, fairness, privacy protection, and
regulatory compliance to strengthen stakeholder confidence
and reduce operational risks associated with autonomous
intelligence (Mukherjee & Chang, 2025; Raheem & Hossain,
2025).

Performance Evaluation Metrics

The effectiveness of Agentic Al can be assessed using
multidimensional performance indicators that evaluate both
technical capability and operational impact. Common metrics
include decision accuracy, response time, adaptability,
explainability, robustness, scalability, resource efficiency,
and user trust. Domain-specific implementations, such as
autonomous credit risk assessment and industrial automation,
further demonstrate the importance of measuring
transparency, reliability, and real-time responsiveness to
support dependable autonomous decision-making (Kubam,
2025; Ren, Liu, Ji, & Xu, 2025; Raheem & Hossain, 2025).

CHALLENGES, OPPORTUNITIES, AND
FuTurRe DIRECTIONS

Technical Challenges
Agentic Al systems operate in dynamic environments

SAMRIDDHI : A Journal of Physical Sciences, Engineering and Technology, Volume 18, Issue 3 (2026) 77
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Table 3: Evaluation Metrics for Agentic Al Decision Performance

Evaluation Metric

Description

Organizational Benefit

Supporting References

Decision Accuracy

Adaptability

Explainability

Response Time

Resource Efficiency

Robustness

Scalability

User Trust

Ability to generate correct and
reliable outcomes under varying
conditions

Capacity to adjust behavior based
on environmental changes and new
knowledge

Ability to provide transparent and
understandable reasoning behind
decisions

Speed at which autonomous agents
process information and execute
actions

Effective utilization of computational
resources and operational assets

Stability under uncertain, incomplete,
or adversarial conditions

Ability to support increasing
workloads and multi-agent
collaboration

Degree of confidence users place in
autonomous decisions

Improves operational quality
and minimizes errors

Enhances resilience in dynamic
environments

Strengthens user confidence
and regulatory compliance

Supports real-time decision-
making

Reduces operational costs while
maintaining performance

Improves reliability and fault
tolerance

Facilitates enterprise-wide
deployment

Encourages responsible
adoption and sustained
utilization

Viswanathan (2025); Kubam (2025)

Hosseini & Seilani (2025); Panda (2025)

Mukherjee & Chang (2025); Kubam
(2025)

Acharya, Kuppan, & Divya (2025); Ren,
Liu, Ji, & Xu (2025)

Janakiraman (2026); Reddy et al. (2025)

Raheem & Hossain (2025); Acharya,
Kuppan, & Divya (2025)

Ren, Liu, Ji, & Xu (2025); Hosseini &
Seilani (2025)

Mukherjee & Chang (2025); Raheem &
Hossain (2025)

where uncertainty, incomplete information, and changing
objectives complicate autonomous decision-making.
Ensuring reliable reasoning, long-term planning, memory
consistency, interoperability among intelligent agents, and
computational efficiency remains a significant engineering

Explain.

Efficiency

Figure 3: Active Inference Routing and Network-Aware
Routing demonstrate the highest overall performance
across routing metrics, whereas Static Routing exhibits the
lowest adaptability and efficiency.
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challenge. Additional concerns include model drift, resource
optimization, and maintaining dependable performance
across distributed environments (Acharya, Kuppan, & Divya,
2025; Viswanathan, 2025; Ren, Liu, Ji, & Xu, 2025).

Ethical and Regulatory Issues

The growing autonomy of intelligent agents introduces
concerns regarding accountability, transparency, fairness,
and compliance with regulatory requirements. Organizations
must establish governance frameworks that clearly define
responsibility for autonomous actions, reduce algorithmic
bias, protect privacy, and ensure decisions remain explainable
to stakeholders. Ethical oversight is essential for building
public confidence in increasingly independent Al systems
(Mukherjee & Chang, 2025; Raheem & Hossain, 2025; Hosseini
& Seilani, 2025).

Security and Risk Management

Autonomous agents continuously interact with digital
infrastructures, making them attractive targets for
cyberattacks, adversarial manipulation, unauthorized
access, and data poisoning. Effective risk management
requires secure communication protocols, continuous
monitoring, robust authentication, resilience against
malicious interference, and proactive anomaly detection to
preserve system integrity and operational reliability (Acharya,
Kuppan, &Divya, 2025; Raheem & Hossain, 2025; Panda, 2025).

Scalability and Real-Time Deployment
Deploying Agentic Al across enterprise environments

9
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demands scalable architectures capable of supporting
numerous interacting agents while maintaining low latency
and consistent decision quality. Cloud-native infrastructures,
distributed computing, adaptive orchestration, and
efficient workload allocation are necessary to sustain
real-time responsiveness in large-scale applications
such as manufacturing, financial services, and intelligent
transportation (Ren, Liu, Ji, & Xu, 2025; Janakiraman, 2026;
Viswanathan, 2025).

Emerging Opportunities

Agentic Al presents transformative opportunities across
multiple sectors by enabling adaptive automation,
collaborative intelligence, predictive operations, and context-
aware decision support. Autonomous agents can improve
productivity, optimize resource utilization, strengthen
customer experiences, accelerate scientific discovery, and
enhance operational resilience through continuous learning
and intelligent coordination. These capabilities position
Agentic Al as a foundational technology for next-generation
digital ecosystems (Hosseini & Seilani, 2025; Reddy, Joseph,
Joshi, Doss, & Ouaissa, 2025; Kubam, 2025).

Future Research Directions

Future investigations should prioritize trustworthy
autonomous reasoning, explainable multi-agent
collaboration, energy-efficient learning algorithms,
standardized evaluation frameworks, and stronger human-Al
collaboration models. Additional attention should focus
on adaptive governance mechanisms, cross-domain
interoperability, secure autonomous orchestration, and
responsible deployment strategies that balance innovation
with accountability. Advancing these research areas will
promote more resilient, transparent, and dependable
Agentic Al systems capable of supporting complex decision
environments (Janakiraman, 2026; Mukherjee & Chang, 2025;
Acharya, Kuppan, & Divya, 2025; Hosseini & Seilani, 2025).

CONCLUSION

Agentic Al represents a transformative advancement in
artificial intelligence by enabling autonomous reasoning,
adaptive planning, and context-aware decision-making
beyond the capabilities of conventional intelligent systems.
Through the integration of perception, memory, learning,
and goal-oriented execution, agentic architectures can
independently solve complex problems while continuously
improving their performance in dynamic environments
(Acharya, Kuppan, & Divya, 2025; Viswanathan, 2025). These
capabilities position Agentic Al as a foundational technology
for next-generation intelligent systems.

The review demonstrates that Agentic Al is driving
innovation across manufacturing, healthcare, finance,
cybersecurity, and other knowledge-intensive sectors
by improving operational efficiency, responsiveness,
and decision quality. Its ability to coordinate multiple
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autonomous agents, optimize workflows, and adapt to
changing conditions enhances organizational resilience
and supports intelligent automation at scale (Ren, Liu, Ji,
& Xu, 2025; Hosseini & Seilani, 2025; Reddy et al., 2025).
Furthermore, advances in agentic large language models are
expanding autonomous task orchestration and collaborative
problem-solving capabilities (Janakiraman, 2026).

Despite these advantages, successful deployment
requires strong governance frameworks that emphasize
transparency, explainability, accountability, security, and
ethical oversight. Addressing these considerations is essential
for fostering trust, minimizing operational risks, and ensuring
responsible adoption across diverse application domains
(Raheem & Hossain, 2025; Mukherjee & Chang, 2025; Kubam,
2025; Panda, 2025). Continued interdisciplinary research will
further strengthen the reliability, adaptability, and societal
value of Agentic Al in autonomous decision-making.
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